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such as RGB images. The examples presented in this paper
indicate that exploiting this correlation leads to better, sharper
reconstructions with less artefacts. The results show that the
notion of parallel level sets is a promising tool for vector-
valued image processing tasks.

While we showed the usage for denoising and demosaick-
ing it is easily extendible to other applications where more
complicated operators are involved. This includes for instance
simultaneous reconstruction of multi-modal medical imaging.
Such applications will be the subject of future research.
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